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Opportunities for internships at ZETEC
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Mission and vision

Mission: Provide college students an opportunity to improve their
knowledge, skills, and abilities of data analytics for good.

Vision: To be the premier data analytics for good competition in the
United States.
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Mission and vision

Mission: Provide college students and practitioners an opportunity to
improve their knowledge, skills, and abilities of data analytics for good.

Vision: To be the premier data analytics for good competition in the

United-States world.
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Students prefer an altruistic “good” case

Compared to competitions focused primarily on commercial or profit-driven objectives, how motivating did you find this socially or altruistically oriented problem?
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To what extent did the altruistic or ‘for good® nature of the competition problem increase your motivation to engage deeply with the competition?
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A “good” problem each year

2022 — Captioning images in Children’s books
(SIL Global / Dan Whitenack)

2023 — LLMs in Healthcare (Prediction
Guard’s client / Dan Whitenack

2024 — Understanding stages of grief
(TAPS.org)
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2025 — GenAl reliability (Prediction Guard / Dan

Whitenack / Todd BRordner)



Largest reach ever this year!

2023

S45,000 in prizes
95% passed AZ-900
290 teams

1031 students

/2 universities

2024

S40,000 in prizes
96% passed Al-900
243 teams

931 students

35 universities

4 regions

2025

$31,000 in prizes
96% passed AI-900
295 teams

1106 students

105 universities

15 non-US schools


https://public.tableau.com/app/profile/durga.madhab.dash/viz/Data4Good_v2/Data4GoodParticipation_v2
https://public.tableau.com/app/profile/rohan.ajay4902/viz/2024Data4GoodDashboard/D4GDashboard?publish=yes

Student Feedback

Survey Responses

741

Responses

157

Pre Post
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Strong turnout among masters' students

Pre Survey — Academic Status

First-year master’s student

Junior (third-year undergraduate)
Senior (fourth-year undergraduate)
Second-year master’s student

Freshman (first-year undergraduate)

Sophomore (second-year undergraduate)

0 100 200 300 400
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The competition is not just for the high performers

kernel Density Estimate
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Pre Survey — GPA Distribution by Academic Group
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Most people continue to participate outside of class

Participation Type
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Most people continue to participate outside of class

Self-rated Technical Ability (Pre vs Post)

Scikit-learn 1 @ Pre ® - A +0.89
® Post

Matplotlib A ® ] A +0.63

Seaborn L ® A +0.83
Linear Regression L e A+0.49
Logistic Regression A @ L A+0.72
Decision Trees L [ A +0.73
Text Mining - ® L A +0.94

Data Pre-processing - e ® A+0.78
Cross-validation - ® ® A +0.87
k-Means Clustering 4 ® L A +0.92

SAS Model Studio A e e A+112

10 15 2.0 25 3.0 35 4.0 45 5.0
Mean (1-5)

Cronbach’s a (skills battery) — Pre : ©.948
Cronbach’s a (skills battery) — Post: ©.962
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While not part of the competition points, participants
completed DataCamp courses on their own

Percentages (0-4+) DataCamp Courses Completed
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Note: Obtaining actual counts and course students in competition completed from DataCamp



While not part of the competition points, participants
completed DataCamp courses on their own
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Note: Obtaining actual counts and course students in competition completed from DataCamp



Participants perception of DataCamp improved

Percentages (includes non-users) Perceived Value of DCltCICdmp
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Participants are earning more certifications

Certifications Completed

52.1% mEmm Pre
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Participants are earning more certifications

Perceived Rigor of Highest Certification

60 - 58.6% mm Pre
s Post
1]
o
2
c
@
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Q
0.0%
None Entry-level Intermediate Advanced Other specified

Note: Al-900 was anchored as an “Entry-level” certification for both pre- and post- questions
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96% pass rate again on Al-900!

240 participants passed the AI-900
at a 96% pass rate!

Regional breakdown

Region Candidates Passed Failed Passrate Avgscore(Passed)

Region1 89 86 3 96.6% 872
Region 2 133 127 3] 95.5% 891
Region 3 4 4 0  100.0% 900
Region4 25 23 2 92.0% 890

Top schools (by Passed) Count

Purdue University 59
Butler Unim%:rsity ‘ | 43 Microsoft
Johns hopkins university 23 CERTIFIED
American University 9

AZURE Al
FUNDAMENTALS

*
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Nearly 200 SAS Knowledge Badges earned!

Rochelle Fisher [ - 1st
W Higher Education | Strategy & Innovation | Ethical Al

2W @
SAS was a proud sponsor of the DatadGood 2025 competition, empowering
students to fight misinformation in education using data and Al. Over the course
of the competition: ®

- 200 students received training in SAS software and academic resources

- Nearly 200 SAS Knowledge Badges earned

Thank you to everyone who joined us in shaping a future where analytics makes
a difference! We look forward to connecting with finalists The Johns Hopkins
University in February.

il

Advanced Analytics
KNOWLEDGE

N\ 5sas_J

O</> \
(R

Programming

KNOWLEDGE

N\ 5sas_J

Lori Downen DatadGood Analytics Competition Matthew A. Lanham
https://Inkd.in/eK5VrEvy

#AnalyticsEducation #Al #DataForGood #HigherEd



How can we get faculty to incorporate competition into
their classroom or program?

Do you believe you would have spent more time on this competition had an instructor at your university made the competition as a graded course component?
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Everyone is a winner when they participate!

Region 3 - Undergraduate

index Rank Team Name School Name
91 1 Dawghouse9 Butler University
87 2 ButlerBusinessb Butler University
a7 3 Observatory8 Butler University
90 4 Data Dawgs Butler University
94 5 Holcomb3 Butler University
92 6 Esportsi4 Butler University
83 7 BackTable Butler University
93 8 Hinkle1D Butler University
96 9 Midtown1 Butler University

130 10 jet2 holiday Purdue University

88 11  Colonnade? Butler University
89 12 Commonsi3 Butler University
84 13 Butler Bias Butler University
85 14 Butler Blue Butler University
99 15 Traditionsi16 Butler University
ac 48 Dedimatann Dustlr | lmivrmrnis

4

Rows: 49 b

BUTLER

Total Points
115665
11382
10427

9665
9649
9599
9455
9349
9282
9224
8999
8982
8732
8104
7149

[=3=TaTal

Al-900 Training [Sunday, December 10th 2025]
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Business Problem Framing [Sunday, November ...
75C4
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My course: 94% (50 / 53) passed Al-900 with average of 85%



Every student/team could have their own poster...

BUTLER

Data Dawgs
DataqGood Competition

ABSTRACT

This project is the result of the 2025 DatagGood Competition and aims to leverage data
analytics and machine learning capabilities to solve a real-world problem that has
significant positive impact on society. The purpose of this project is to derive valuable
insights from the given dmaset and build a model that can enable informed decision-
making, The importance of this project is that it has the ability to make the solotion
more efficient, accurate, and effective with the use of data analytics. On the technical
side, we nsed techniques such ac data cleaning, analysic, feature development, and
modeling with the use of Python and the DataCamp DataLab.

BUSINESS PROBLEM FRAMING

= The project addresses the problem of misinformation generated by large language
models (LLMs) in educational settings. The central question is whether an Al-
generated answer to a question is factual, contradictory, or irrelevant, given the
‘question and supporting context,

- As ATtools are increasingly nsed by stadents, incorrect or irrelevant AT responses can
mislead learners and undermine trust in educational technology. Accurately
identifving unreliable Al-generated content is essential for responsible and safe use
of LLs in education.,

- Primary stakeholders include 1 i students, ed and
developers of Al-powered barmng tools who rely en accurate and trustworthy AT
ontputs,

= The project uses a labeled dataset of question—answer pairs and is constrained by
data quality, class balance, and the need for interpretable and generalizable models,
Ferformance is evaluated using a weighted confusion matrix that equally prioritizes
all classes,

= The solution supports improved AT reliability, reduces the risk of misinformation,
and enables safer integration of LLM:s into educational platforms by flagging
incorrect or irrelevant responses.

i
FigLOonesplial |
Dverview af the
Prolem

Datu4gond

Butler Uriversity

ersonal Development & OQutcomes

Katie Mihelic, Luisa Hungria, Italy Lewis, Jinna Hyatt, Dr. Matthew Lanham (Advisor)

Butler Unives Lacy School of Business

DANRD &

BUTLER

kmihelic@bufler.edu; lhungria@butler.edu; itlewis@butler.edu; jhyatt@butler.edu

DATA

Important Data Relationship:
+ The “type” label is determined by collective semantic meaning and coherence derived
from “guestion”, "answer”, and “context” fields,

Business Problem Framing Reflection:

* Addresses a critical business need to que: ion by framing
it as a multi-class text classification problem, le&eragmg NLP and machine learning.

High Categorical label: f } )
fpe 5 Primary outcome variable to predict
- {farget varinhlc) contradiction, o irmd) :
' Text string representing the wser's Essential input for intent and context
question
! (feature) query. undsrstanabing.
mswer High Text string containing the provided Crucial for evaluating comectness, relevance.
(feature) response. against the question.
Medium  Text string with additional background
context * o Provides deeper semantic understanding
(feature) information
Table 1. Data Dictionary
Tealning and Evalaating
Data Lasdi

“Mﬂ

Exploring Data

Dt Clessing
" Clastering

Fig 2. Methodology

MODEL BUILDING & EXPERIMENTAL RESULTS

Rubric

* This table summarizes the performance of varions predictive model experiments on
different feature sets. It highlights models that generalize well to unseen data, shows
where overfitting ocours, and provides insight into the relative effectiveness of
embeddings, TF-IDF features, and hybrid approaches.

* The Neural Network Model with Gle Ve embeddings has turned out to be the
best model for this data set. This model helped to significantly improve the
classification of minorities such as "contradiction” and "irrelevant” compared
to other mods™-

(L

Fig 3. Experimental Results

DEPLOYMENT & LIFECYCLE MANAGEMENT

- ©ur work acts like a fiter for contradictions and irrelevant responses with a g27%
accuracy. By isolating these failures, we are able to provide dear diagnostics to
improve GenAl truthfulness through fine-tuning.

+ Our predictions show that conteat is essential, Analyzing the semantic relationship
‘between questions and answers outperforms models that rely on text isolation.

- The solution serves as a realtime Application Programming Interface that flags
regeneration reauests when misinformation i detected within educational
platforms.

Fig 2. Possible Figure Potential Impac

KEY TAKE-AWAYS

What went well:

- Neural Networks with Minil} embeddings — strong performance /good generalization.
- Logistic Regrassion and TF-IDF — stable and consistent.

+ Character-level TF-IDF + Naive Bayes — surprisingly effactive for simpler modelz.
What didn’t 2o well key considerations:

- Decision Trees — severe averfitting, sspacially with PCA + GloVe.

+ K-Maans — poor clustaring (silhoustte ~o).

- High-oapacity models risk overfiting; PCA may kit ]Earmng of subtle patterns.
. F is eritical; naive hybrid performance.
+ MinilM embeddings outperform GloVe for semantic bty

Features Prodictive Model | Train Accarscy | TestAccurey
G- wiki-ggaword-50 %o 3 PCAS Lot o835 a8y

Grve-wiki-gagaword-50 10 2 PCAS. Dansion Tree 1000 0.7887

[ e e T e R PP— TR P

prr R L = R R Random Foesst La0c o568 (““”P“i"'““ COmtcomne

+Data Dawgs placed 26th in Region 3 in the Data for Good competition.
-aninvalid Case Challenge file meant no official score was recarded.
+Ranking reflects p ip in other comp , nok Case Challenge performance.

pre e
oy o,
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Nuve ey Model | g 2780 Vi 02080
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L | wsaa7
Wk IcvflmD-Flgﬂe’mn.numool-nu-er- | e e

- Became Microsoft AT-goo Al Fundamentals Certified. m '

- Completed 5 DataCamp courses on Python Programming, Seikit-learn, "AZURE Al
Matural Langnage Processing, and Cluster Analysis. FUNDAMENTALS

- Learned the INFORMS Business Problem Framing Course.
- Eamed a SAS Badge on SQL Essentials Knowledge
- Eamed aSAS Batl;e on Al Fuundlhons Knowledge

* - datacamp

F,lJ.:INE.a.H
SCHOOLS




Student perceptions — “career readiness”

89% believed this competition helped fill a knowledge, skill, or ability
gap that they could showcase to employers

81% said they would “probably” or “definitely” discuss this competition
work in a future interview to highlight their analytics skills



Student perceptions — “process, process, process”

8% have heard of the INFORMS CAP JTAs/IAF prior to
this competition

80% perceived knowledge of the INFORMS IAF was

moderately to advanced
Note: 17% at beginning of competition

89% plan on using the INFORMS CAP JTAs in the future

when designing and delivering analytical solutions.
Note: 80% last year

Engagement with Business Problem Framing course

Status Count

Complete! 145
Pending 186
(blank) 15
Grand Total 346




Student perceptions — “process, process, process”

89% believed this competition was worth the time and money invested

89% would recommend students to participate in the competition next year!

EMORY

UNIVERSITY




Future

v’ More/better student outcomes!

v’ Better engagement/promotion/understanding of the benefits of our
key analytics community — INFORMS!

v’ Provide value for our INFORMS practitioner members — could there be
engagement there — maybe different competition tracks/certifications?
— CAP-E?
— AI-900 + another partner certification (Andrew coming up with ideas)

v’ DataCamp / SAS

— Continue SAS badge offerings
— Can we better bridge their platform capabilities

* Improved real-time scoring leaderboard
» Better/faster follow up
* Might bring back quizzes instead of video capturing to award points
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